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Construction of the resource allocation problem as a convex optimization Application o can be used to represent the idle

resources in the system

Goal: Guarantee Quality-of-Service to applications Assume all idle resources are powered off
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Convex approximation of the measured performance functions Convex optimization is relatively inexpensive

o - optimization problem with a single extreme point

Penalty functions are set by the system to Runtime functions represent responsiveness

represent the relative cost of missing a
deadline for an app

Fast, incremental solutions are feasible

Performance Model of the Applications e.g., time from a mouse click to its result
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Application deadlines are represented by :
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